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A Problem of All Contexts

White Elephants, a bit all over the world

Mirabel airport terminal, Trudeau's white
elephant, to be torn down

ened in 1975 and meant to replace airport in Dorval, Mirabel's now too outdated
be maintained




Literacy in Decision Support

An issue in both university curricula and professional practice

» The different careers associated with urban planning, public policy and public administration have a

chronic deficit on decision-sciences/methods

= Anissue common to different regulatory, economic and national contexts

= The professional practice tends to crystallise around common practices due to multiple factors

= Technical capacities

» Financial capacities

= Priorities in public agendas

» Deficient decision-making protocols
» Siloed decision-making areas

= This is a joint responsibility of all agents in the field: universities at education stage and stakeholders

at the professional stage



Literacy in Decision Support

The UK leading a
new discussion

Recognising the Vital Role of Spatial
Planning as an Important Applied Science
Discipline where Its Digital Transformation
has the Potential to Tackle the Grand
Challenges

To maximise the potentials of digital
transformation by establishing the key links
between the grand challenges, the planning
profession as an applied science discipline,
and the continued development of new

technologies and data.

Developing a National Cross-Departmental
Strategy for Digital Planning

To develop a national strategy to implement
the digital transformation in planning enabled
by a cross-departmental culture change.
This should involve training in digital skills to
support processes of levelling up and joining

Establishing a Chief Spatial Planning
Officer Role in the Cabinet Office

To recognise the national significance of
spatial planning for joined-up governance
and to reinforce leadership in addressing
the challenge of moving towards a more
sustainable world.

Digital Task Force
for Planning

up across different planning agencies.

Investing in Digital Planning and Forging
an Ecosystem between Planning Research,
Practice, Education, and Lifelong Learning

Tointegrate and invest in new forms of digital
training and education in spatial planning
through research, professional education,
practice and lifelong learning, engendering
a culture change in planning profession

A Digital Future for Planning Spatial Planning Reimagined (2022)

Establishing a Chief Spatial Planning
Officer Role in Every Local Authority

To build and restore stronger leadership
in spatial planning at the local level and to
develop integration between local authority
services using a whole systems approach.

—
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Implementing an Integrated Digitally
Enabled Spatial Planning Methodology

To create a digitally enabled cyclic systemin
planning through connecting the decision-
making loop and the evidence analytics loop

Establishing a Central Resource and
Delivery Body to Empower Cross-Sector
Innovation, and to Develop and Implement
Digital Planning

To form a central resource and delivery body
to lead the implementation of digital planning
methodology as part of the levelling up
agenda. The organisation will be responsible
for coordinating the development of core
digital capacities by setting up a national
network of ‘regional data observatories’,
promoting digital tools and technologies

being mobilised in planning.

Creating a Comprehensive Mapping System,
a Common Spatial Data Environment, and a
Basic Set of Analytic Functions Tailored to
Plan-Making

To establish an open data platform which
integrates national data sources, development
data, comprehensive mapping and associated
analytic tools: focused on 1) Identifying Baseline
Data; 2) Defining Consistent Spatial Data
Standards; 3) Data Licensing, Security, and
Confidentiality; 4) Establishing Common Datasets
and Improved Monitoring; and 5) Developing
Analytics for Better Local and Strategic Planning.




Literacy in Decision Support

The UK leading a new discussion

Organisation How often are the following tools used in your organisation?
locations

Scotland

Variable / Sometime used

Scenario planning evaluation

England
ngan Forecasting models

Northern Ireland _
Widely used - I

Desktop GIS Transport madelling

Planning / decision support systems Data visualisation

Web mapping Social media

Project management Specific public engagement tools

The survey received . | I
34 LPA responses ® Always Usually @ Sometimes @ Rarely Never N/A

across all 4 nations

Not commonly used

3d Modelling

Drone imaging and photogrammetry

Machine learning / artificial intelligence

VR & AR

A Digital Future for Planning Spatial Planning Reimagined (2022)

Do you feel your organisation has sufficient staffing
resource/capacity within the planning department to
process current levels of applications and
engage with existing service

providers/suppliers?

52.9%

1 4.7%

Where should the cost of training be covered?
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Additional
training budget
from Government

97.1%

Professional
organisation's
CPD training
for members

35.3%

Council's
training
budget

29.4%




Literacy in Decision Support

The UK leading a new discussion

What barriers does your organisation face
preventing adoption of digital planning tools?

How are digital planning tools used Which areas of planning are those using digital techniques working in?

- - within your organisation? -
Cost of tools / Insufficient digital y g Most common (majority)

datasets skills among planners Medium (Approx. 50%)

85.3% (29) 76.5% (26)

Technical challenge Awareness of digital : : : :

of integrating solutions planning solutions

with existing systems 64.7% (22)

70 6% (24) Management Public Information Automation of
* of development engagement retrieval routine tasks

licati

Lack of training Procurement rocess

resources / providers challenges

61.8% (21) 61.8% (21)

Software Procedural challenge ‘

licensing of integrating solutions : : ’ :

58.8% (20) vgi;hi;;xi(s;igg; workflows

Lack of consistent Lack of fit-for-purpose policies (e.g. Internet
data standards technology of Things)

44.1% (15) 41.2% (14)
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local plans Evaluation of complex real time data
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. . . A Digital Future for Planning Spatial Planning Reimagined (2022)
Value of solutions Barriers to understanding

not demonstrated due to IT jargon

sufficiently 35.3% (12)
38.2% (13)




Literacy in Decision Support
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Decision Sciences at the University of Manchester —
A historical place for DS for planning

J. Brian McLoughlin

Urban & Regional

Planning
A Systems Approach

MANDEBUS
Manchester
Decision-Based

Urban Simulator




Decision Sciences at the University of Manchester —
A historical place for DS for planning
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Procedural Utility in Urbanisation, ABM, Gamal, lossifova, Pinto

Table 3. ABM's land plots input based on Greater Cairo’s context.

Parameter name Value

Market 1 type Fixed/supply-demand
Market 2 type Supply-demand
Market 1 price variability [1,1.5]

Market 2 price variability [0.6, 1]

Market 1 area [300, 500]

Market 2 area [100, 300]

Market 1 number of street exposure [1, 3]

Market 2 number of street exposure [1, 2]

Net Number of Buyers Diversity Index Histogram of Occupied M1 and M2 Plots at 30 Years Table 4. Unique parameters in the GC ABM experiments.

Parameter value per experiment

Parameter name

Experiment 1 Experiment 2 Experiment 3
Market-1 variability factor 0 [1,1.5] [1,1.5]

Market-2 variability factors 0 [0, 0.6]
Market-1 dynamics factor 1 1, 2]
[

Number of Agents

Market-2 dynamics factor 1, 1.5] 1 [1,1.5]

Simulation Year Diversity Index Intery

Share of Satisfied A1 and A2 Buvers Share of Satisfied A1 and A2 Buyers

Simulation Year

) Figure 3. (a) ABM at initialisation and (b) diversity index map for E1-B, and (c) E1-Bgc.
Figure 2. Net number of buyers, satisfaction and diversity index.

Gamal, Y, Pinto, N & lossifova, D 2024, 'The role of procedural utility in land market dynamics in Greater Cairo: an agent based model application’, Environment and Planning B: Urban Analytics and City Science,
vol. 51, no. 4, pp. 954-970. https://doi.org/10.1177/23998083231207077




Negotiation in Housing, ABM, Badawy, Kingston, Pinto [1]
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Badawy, A, Kingston, R & Pinto, N 2024, 'A simulation model of negotiations on affordable housing provision', Housing and Society . https://doi.org/10.1080/08882746.2024.2401736



Negotiation in Housing, ABM, Badawy, Kingston, Pinto [2]

HIGH-DEMAND HOUSING MARKET LOW-DEMAND HOUSING MARKET
Probahilities of failure Probahilities of the different possibilities of agreement Probabilities of failure ! Probabilities of the different possibilities of agreement
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Badawy, A, Kingston, R & Pinto, N 2024, 'A simulation model of negotiations on affordable housing provision', Housing and Society . https://doi.org/10.1080/08882746.2024.2401736



Negotiation in Housing, ABM, Badawy, Kingston, Pinto [3]
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Badawy, A, Kingston, R & Pinto, N 2025, 'Guidelines for computational modelling of planning obligation negotiations', Plannin g Practice & Research, vol. 40, no. 4, pp. 869-888.
https://doi.org/10.1080/02697459.2025.2506 896




Inclusive NMS, ABM, Ross-Perez, Pinto, Walton [1]

Estimation of bike trip purposes from dockless Mobike data

a. Morning (6:00 - 10:00) b. Daytime (10:00 - 15:00)

1

Acitivities
Residential
Work
Leisure
Shopping
Study
Transport
No trips

p

Uniyetsity of
Marichester
Campus

Accommodation

" & Retail and

Residential

100
I

Ross-Perez, A, Walton, N & Pinto, N 2022, 'Identifying trip purpose from a dockless bike-sharing system in Manchester', Journal of Transport Geography, vol. 99,

103293. https://doi.org/10.1016/j.jtrangeo0.2022.103293

Trip purposes

Residential
Work
Leisure
Shopping
Study
Transport



Inclusive NMS, ABM, Ross-Perez, Pinto, Wisniowski [2]

ABM Model of dockless bike share system testing inequality scenarios

Deployment Strategies| ;
© Observed City Centre
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Figure 6.9. Daily share of bike trips.
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Altrincham
N

Esri UK, Esri, TomTom, Garmin,
Foursquare, METI/NASA, USGS

Ross-Perez, A, Wisniowski, N & Pinto, N A data-driven Agent-Based Model to Simulate Bike-Sharing Deployment Strategies, in submission



InfoMAP

(a) !!i? ; (b) !F!;?g ;

1981: Seven communities, 1991: Eight communities,

modularity score 0.549296 modularity score 0.544769

(C) ! Mé é E %

2001: Eight communities, 2011: Six communities,
modularity score 0.510367  modularity score 0.43813 2001: Seven communities 2011: Six communities

Odell, H, Pinto, N, Navarro Lopez, E & Deas, | 2022, 'Detecting shifts in metropolitan structure: a spatial network perspective', Environment and Planning B: Planning & Design, vol. 49, no. 7, pp. 1912-1928.
https://doi.org/10.1177/23998083211065767




BeDS
Serious Board Games in Planning, Sousa, Antunes, Pinto, Zagalo |{d

Legenda

Tabelas de
Alocagao de
h alunos a escolas
 @mmm
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[129]

https://www.beds4bug.info/developing-ds/serious-games




Urbanisation Impacts, ABM, Carpio, Pinto

Simulador de Urbanizacion ZMM
Territorio - Energia - CO,

Errors ¢ Callbacks Server

Carpio, Pinto, research in progress
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BeDS4BUG - A Platform for Dialogue on DS for UG

Brasilia Brazil

Better Decision SupportBeDS =

Cairo  Egypt
Guayaquil Ecuador

Chennai  India
fo r for Guadalajara  Mexico

Coimbra Portugal

Better Urban Governance BUG ™ s

Boston
English ~

The Research Engaging with Stakeholders in DS Developing DS Teaching DS Events DS

Better Decision Support for Better Urban Governance

BeDS for BUG is a research agenda composed of several international projects with the ONGOING PROJECTS
aim of understanding_the role of and developing_further decision-support methods and
literacy for different stakeholders engaged in urban governance.

Events DS - USFSS25.A14UG
Developing DS - Modelling resilience

The research explores different scales and contexts where a wide range of stakeholders -
institutional, community - take the leading role in designing and implementing governance The BeDS4BUG research agenda aims at

models by using effective processes to achieve their common objectives. delivering on the United Nations SDGs
&
The research is engaging with multiple stakeholders from several urban areas, with different LR

Keyboard shortcuts  Map data ©2025 1000 km L— Terms

nature, scope and activities involved in urban governance at all scales of the urban

environment. 13 o 16 imae
O y;
This is a research agenda led by Dr Nuno Pinto from the University of Manchester and

brings together academics from the University of Manchester (UK), the University of Hgms 132[13b  156]15.9 12'2' 16.7
Brasilia and the Getullio Vargas Foundation (Brazil), University of Guadalajara (Mexico),

KTH (Sweden), IIT Madras (India), University of Coimbra (Portugal), University of Espiritu  Ccontact the Team

Santo (Ecuador) and Suffolk University (USA). Contact Dr Nuno Pinto for information on

the project at
It collaborates with technology partners including Geodesignhub (Ireland). nuno.pinto@manchester.ac.uk




USF SS25A14UG — Deconstructing Al for Urban Governance

USF Seminar Series 2025.A14UG - Al for Urban Governance VISIT THE PROJECT
Seminar [Sx] + Training [Tx] + Webinar [Webx] + Policy Brief [PBx] NEBPAGE

Responsible + Transparent Al

TOCO-FUND

Decision Support | Urban Governance ECR PARTICIPATION
. [Web0] Launch of SS
Coproduction | Research Agenda Where: Oniine Meeting
When: 24 October 2025
Bo ston Where: Suffolk University, Boston, USA | When: 8, 9 and 10 December 2025
[S1] What Al for Urban [T1] Al for advanced urban [Web1] What Al for What Al
Governance simulation methods Urban Governance for Urban
. Governance
BraS|I |a Where: University of Brasilia, Brasilia DF, Brazil | When: 8, 9 and 10 April 2026
[S2] Al as a tool for [T2] Al for participatory [Web2] Al as a tool Al as a tool
inclusive DS methods for inclusive DS for inclusive DS
ManChester Where: University of Manchester, Manchester UK | When: 22, 23 and 24 July 2026
|S3] A coproduced research [T3] A methodological [Web3] Findings Findings
agenda for responsible and  toolkit to include responsible and outcomes of and outcomes of
transparent Al for DS in and transparent Al in urban the Seminar Series the Seminar
urban governance governance research Series

el MANCHESTER | Universidade de Brasilia Urban Studies e
1824 FOUNDATION fhmcinrscomont
ZIVIC T1c University of Manchester ) SUFFOLK UNIVERSITY | BOSTON
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